2021 68 S=AZEAZEIIEE ==X M17H M1z

=& 2021-1-3  http://dx.doi.org/10.29056/jsav.2021.06.03

Hjekel ASE A 913 Feature 4178 R wAE H| 2L
SRS
WAl AT RS, ARt

Feature selection and similarity comparison system
for 1dentification of unknown paintings

Kyung-Yeob Park#, Joo-Sung Kim#, Hyun-Soo Kim#*, Dong-Myung Shin*¥

(@] ok
I =

A BEEAAL 7yto® & meE NFT(Non Fungible Token) AL 7]& :LF/‘ ZhE wak ol g}
AEE 203 s Add A= FAg Ha ek AW olFA Wuid nEE Al nEl
F2 9F FFol AustelA 6%7}&‘} ZAEAA] 9117 A sly] ofHrhs xﬂﬂo} EA3tct ol et
TARLE JE] EFE A= "oz oyirE § glo] AE 9 Zrhe] JHA S A ool $= 9tk
ol et LAE #Asly] Aste] £ %ﬂ%oﬂﬁ% AAH AL 00}01 F249 Hoy F M= Chromaticity
HolEHE 4AbtHoR Biste] My wdE FEa wHd slgse EUES XRFY 28 ~dE
& HlolHE o] &3] Wl FEe] AHE FAIE Al=HE ARt

Abstract

There is a problem that unknown paintings are sophisticated in the level of forgery, making it difficult
for even experts to determine whether they are genuine or counterfeit. These problems can be suspected
of forgery even if the genuine product is submitted, which can lead to a decline in the value of the work
and the artist. To address these issues, in this paper, we propose a system to classify chromaticity data
among extracted data through objective analysis into quadrants, extracting comparisons and intersections,
and estimating authors of unknown paintings using XRF and hyperspectral spectrum data from
corresponding points.
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Table 1. Experiments and results of feature selection for unknown painting
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