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Abstract

In this paper, we introduce a speaker overlap system and look at the process of converting the existed
system on the specific framework of artificial intelligence. Speaker overlap is when two or more speakers
speak at the same time during a conversation, and can lead to performance degradation in the fields of
speech recognition or speaker recognition, and a lot of research is being conducted because it can prevent
performance degradation. Recently, as application of artificial intelligence is increasing, there is a demand
for switching between artificial intelligence frameworks. However, when switching frameworks,
performance degradation is observed due to the unique characteristics of each framework, making it
difficult to switch frameworks. In this paper, the process of converting the speaker overlap detection
system based on the Keras framework to the pytorch-based system is explained and considers
components. As a result of the framework switching, the pytorch-based system showed better
performance than the existing Keras-based speaker overlap detection system, so it can be said that it is
valuable as a fundamental study on systematic framework conversion.
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Table 2. Comparison of two data loader implementation
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Table 4. Performance Comparlson of Pytorch-based
Converted system along to lambda constant

A Prec. Recall F1
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